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Abstract

The need for a software or a system in general that can store important information (which a person feels may be
needed in the future) on a daily basis and provide this information to the person at the necessary time, It seems
necessary and essential. In this article, an attempt is made to help humans by providing a system so that by fully
storing information over time, whenever they need information (which they are unable to recall due to mental
preoccupations), they can recall a part of it,Get all the information you need in full. In the proposed system,
information is initially stored in a knowledge graph, this knowledge graph has connections between nodes, which
return the best and most complete answer to the user due to the existence of these connections and using key search
methods to be. On a daily basis, the user stores his important information, which he hears or reads and thinks he
may need in the future, in this system, and when necessary, just by reminding him. A part of the information gets
access to the whole information. On a daily basis, the user stores his important information, which he hears or reads
and thinks he may need in the future, in this system, and when necessary, just by reminding him. A part of the
information gets access to the whole information.
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import re

import pandas as pd

import bs4

import requests

import spacy

from spacy import displacy

nlp = spacy.load (‘en_core_web_sm’)
from spacy.matcher import Matcher
from spacy.tokens import Span

10 import networkx as nx

11 import matplotlib.pyplot as plt

12 from tqdm import tqdm

13 pd.set_option (‘display.max_colwidth’ , 200)
14 %matplotlib inline
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1 def get_relation(sent):

2 doc = nlp(sent)

3 #Matcher class object

4 matcher = Matcher(nlp.vocab)

5 #define the pattern

6 Pattern = [{‘DEP’ : ‘ROOT’} ,

7 {‘DEP’ : ‘prep’ ,’OP’ :?}

8 {‘DEP’ : ‘agent’ ,’OP’ :?”}

9 {‘DEP’ : ‘ADJ’ ,’OP’ :?"}]

10 Matcher.add(“ matching 17, None,
pattern)

11 Matches = matcher(doc)

12 K= len(matches) - 1

13 span = doc[matches[Kk][1] : matches[k][2]]

14 return(span.text)
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# extract subject

Source = [i[0] for i in entity_pairs]

# extract object

Target = [i[1] for i in entity_pairs]

kg_df = pd.DataFrome({‘source’:source,
‘target’:target, ‘edge’ : relation})
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nlp — spacy.load(‘en_core web _sm’)
doc =nlp (" 1L s e Dlilas sreal e M)
for tok in doc:
print(tok.text, " ..." , tok.dep )
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